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5 HRIE

ASCHEH T FPIET SDBN Al BLSTM )
RIEr PR B S A e XU A T R A,
B AT U N SDBN Al BLSTM AT
AbFE, SEIE SDBN ¥ gt W s BT RRYE, 2
WOMBORSURAE, 2 J5iE BLSTM XHREAE 74113k
ITHEASAEBE, AR5 — g O 2 B
ACBRIA SR 0] B P AU AT B AR 55 milG, B
JEARL A E I P FIEN— AN T Softmax 2
(1) BLSTM 743200 o SEA0 R W T ity 2 vt R A
BRI AT R R A VU PR R « DA RS
T3, FrLl T LIRSS 5 2 MR T 2
TAIWTE SRS, DOER A B 4

x4 (NRREMUE S M AERIAAELR

L 0° 300 45° 60° 90°
S HR24) 5% 85.6% 82.5% 82.5% 83.3% 80.3%
S CR25) 5% 87.6% — — — —
S CHR26) 5% 81.1% 80.0% 76.9% 69.2% 82.2%
SH K275 94.7% 89.7% 90.6% 87.5% 93.1%
N RS 95.1% 90.0% 90.3% 87.8% 93.7%
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